368 58 HL T 5 AR 2 4R Vol.36  No.8
- 194 JOURNAL OF ELECTRONIC MEASUREMENT AND INSTRUMENTATION 2022 4F 8 H

DOLI: 10. 13382/j. jemi. B2205468

ETDSIEREICHE N ERLEERYTALEI

EHE BREE BB FFEH 2 OF T oA

(L AR E R ORR A KRB At 21004452 MR E TRKRER T HHERTRSE Mal  210044)

7 E O AR R R R Y 2RSSR BRI T — I D-S ER NG S AR B S A I . BT R
LREFEGER AL RENEG T T — AR SYTE iR NBI, 7EHEEAR b 45 & 20 MR NBI AL 55 3 519035 B MBI L)
KRR S IR AR G B 4R T — S5 & B A A IR BAR B bR, #E M & T — 258819 D-S iE 4l
P AR AT AR D | A THE B AR 43 e JRIR A I s, R R Mb DX AR SE B0 45 SRR B i 442 4SS 78 ) 248 1 A6 N G
1 Kappa RE053 3R]k 80% A1 0. 7 LA I, BL7E B4 HT A0 5E S w4 sR 3448 06 o i,

KB w0 PRRIBIBGHR T R S IEE EEE AR R

FESES . TP751 XREFRIRAG . A E RiREF R 4> 248D 510. 40

Building change detection of high-resolution remote sensing
images based on D-S evidence theory
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(1. Changwang School of Honors, Nanjing University of Information Science & Technology, Nanjing 210044, China;
2. School of Electronic & Information Engineering, Nanjing University of Information
Science & Technology, Nanjing 210044, China)

Abstract: Aiming at the variety of building change types in the process of urban development, this paper proposed a high-resolution
remote sensing building change detection method based on D-S evidence theory. Based on the results of multi-scale image segmentation,
a non-building index NBI is designed by combining multiple factors at first. On this basis, the multi-temporal NBI, traditional building
index MBI and differential features are combined to construct the building change evidence set. Finally, an evidence confidence index
combined with shadow detection is proposed, then a complete set of D-S evidence theory change detection model is constructed. Thus,
the buildings can be divided into new, demolished and rebuilt categories. The experimental results of images from different regions show
that the change detection accuracy and Kappa coefficient of the proposed model can reach more than 80% and above 0.7 respectively,
which are better than contrast method in both visual analysis and quantitative evaluation.
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Table 1 Gray scale label table corresponding to the experimental result diagrams
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Table 4 The accuracy of data set 1 in our
method and comparison methods

R IR MR A% Keppa
W FE bR

FEWE 1 87.5 7.2 5.3 0. 801
W 2 75.0 20.2 4.8 0. 603
Helg: 3 89.9 7.0 3.1 0. 835
AT 92.2 5.0 2.8 0. 868

x5 AXRIMLEFERREE2HBE
Table S The accuracy of data set 2 in our
method and comparison methods

ﬁimfﬂ% R R RRE% K
g 1 83.5 14.0 2.5 0.743
Helg 2 80.9 16.9 2.2 0.672
KW 3 84.9 12.6 2.5 0. 789

AT 86. 6 10.7 2.7 0. 802
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Fig. 6 The variation trend of the overall accuracy of the data set

under different building area standard values
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