#3586 HTH HLT I B 5 (AR 4R
£ 90 - JOURNAL OF ELECTRONIC MEASUREMENT AND INSTRUMENTATION

Vol.35 No.7
2021 47 H

DOI:; 10. 13382/j. jemi. B2003679

BENBESMETHSREERLE"

I B FA4THF
(demEsi k2 dbat 100044)

o E ROk, BT RSB Z B R 2 6, B AR 2L T 5 A P s W A (R i — P &
PR, 44 J5 5 10 O 174 o i 32 B R ] 3k 2 5 A BV 2538 M G T B BRI 2 A JE AL B A SE e rh 2 AR AR R T L R
T3t — 2 g b AR SR (R Wi SR — AR AL B AR S AL B 45 A, TR G IE ROV G R IE A B Tk, X L2 AT AR
2% 1% % R R S 1 I LS R | RIS TR B R R AR A E 5 2RISR AR B, AT R AR BR(EL R 31
YAVE AP 2 5 B R R S IZ T R A S

KGR BEIR SN ;1 AR W A% s B A 1L 5 Jo e R O i R AG )

RESES . TP277 MHEFRIREE: A ERREZRSERE; 460.40

Process monitoring based on modified orthogonal
projections to latent structures
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Abstract: In recent years, quality-related fault diagnosis has attracted much attention from academic circles. Several fault diagnosis
algorithms based on post-processing have been developed. However, further studies have found that these post-processing methods will
gradually lose their function when the magnitude of quality-unrelated faults increases. In addition, post-processing algorithms will
generate a lot of calculations in practice. In order to further solve the drawbacks of the above methods, this paper adopts a structure of
preprocessing, modeling, and postprocessing. And proposed a modified orthogonal projection to latent structures (MOPLS). Compared
with the previous algorithm, this method is more practical for quality-related faulis. At the same time, the number of latent variables
required by the model is reduced. Therefore, its computational complexity is lower than the previous algorithm. Numerical examples and
Tennessee-Eastman ( TE) process are used to verify the effectiveness of the method.
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Fig. 1 Overview of the proposed fault detection scheme
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Fig.2 Dynamic output in the event of quality-related fault
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Fig.3 Detection result of quality-related fault by MOPLS
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