HL T 5 AR 2 4R Vol.34 No. 11
JOURNAL OF ELECTRONIC MEASUREMENT AND INSTRUMENTATION - 101 -

3 1M
2020 4E 11 H

DOLI: 10. 13382/j. jemi. B2002994

REEGEZEARGEERE"

n R’ EREY BT

(1. BNEIRYEARE  THENLEBE S8 230601; 2. 80k BT EETE%RE &8 230061
3.AMEIVEERE TR B RGBT R EARE A 230601)

W E R EUR RS EAR R BR A B R SE U A S R ZS R | F B2 3 308 M4 SE U B 4y L)
BN, G4 T IR G £ 25 H AR W E N AMIFFE TAE, 43531 D\ 3 Py B TR 1) 4% B J 3ok 6 IR B 2 > 1) Jr vk 0y TR
SRR H R B AL VR A TR G RLELE, SRR T B IR I AU 2 | %t — o AL 7 8] 25 5505 12540 50 DA S P41
TP WG AT T WA T, Boa R TR M BUR R BB AR AR R T5 1], H A T — 23,

KRR WM RS RABU AR RS 2] BRSSP

FESES . TN391. 41 XEFRIRAG: A ERWEFRSEKRE . 520.60

Review and prospect of nighttime haze removal
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Abstract ;: Removing nighttime haze technique is a research hotspot in both digital image processing and computer vision, which is of
great significance in the fields of aerospace, autonomous driving and traffic monitoring. Surveyed the domestic and foreign research on
nighttime image defogging in recent years, summarized from the viewpoint of the traditional methods based on physical models and the
method based on deep learning. After that, illustrated those algorithms in detail and then characterized their strengths and limitations,
followed by comparison and analysis from subjective and objective evaluation respectively. Finally, future research directions were
prospected and some suggestions were given.
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Fig. 17 Dehazed results of different methods for Pavilion
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Fig. 18 Dehazed results of different methods for Train
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