20100000077026 E‘r'i' 26 Fif. tbd

4% Hi10 SRl FE‘%%X%%%?& Vol.34 No. 10
2020 4 10 H JOURNAL OF ELECTRONIC MEASUREMENT AND INSTRUMENTATION - 208 -

DOI: 10. 13382/]. jemi. B2003286

BTt L“%f. HPRRESTERZRH

EEE5YRN-

T & % A H 2 fFEF ok B O FTEHK
(L. EREETREKY HTS5FEBTEER Ml 210044; 2. BT 2% BE 476000)

W B AEERNISHE RN T, 3R T — 5 TR A B IR B RS & o B G GRS R U vk . ST
WISEG ( wavelet-JSEG ) 43#I LA & — éﬂﬂllﬁ@ﬁ’i%ﬁﬁm‘u%EESL(**ELI»L%%:. s FLR A OGS SO RIS R A 2 T —
o T R ) MR R T AR BR BN 2 REAE (B A 0 SO A FE A et T — A B TS RIS (R 5 R B R 1
AR TR WD T {5 B IUA B4 v 58 ; focJ 1 BEDLAR AR A3 2 30 B S ik — 20 R0 43 S e g S0 o0 iR i ) Bk
BB, WA R R Mi*’ﬁﬁfﬁﬂiﬁu 85% LA _I= , IATHT AT A 7% Ji Iz 2 i) 17 R B i B R SRR I o SRR R
KRR BT E B B T R A BT R

FESES . TN 957.52;TH762 XEkFRIZAS . A E RAR e F R 4> E4K8D: 420. 20

Damaged building detection based on optimized visual dictionary
from post-earthquake high-resolution remote sensing images

Wang Chao' Shen Yi* Qiu Xing' Xing Hongyan' Zhang Yan' Bian Changlin'
(1. School of Electronic and Information Engineering, Nanjing University of Information Science and
Technology, Nanjing 210044, China; 2. Shanggiu Institute of Technology, Shanggiu 476000, China)

Abstract : Being lack of the pre-earthquake reference information, a new method of damaged building detection of high-resolution remote
sensing image based on optimized visual dictionary is proposed. Firstly, wavelet-JSEG (WJSEG) segmentation and a set of non-building
screening rules are applied to extract the potential building set. Secondly, a visual dictionary model of earthquake damage is constructed
by introducing spectral, texture and geometric morphological features to across the semantic gap between pixels and earthquake damage
features. On this basis, a visual dictionary optimization strategy based on intra-class and inter-class penalty indexes is designed to further
reduce redundant information and evidence conflict. Finally, the buildings are further classified into intact buildings, partially damaged
buildings and ruins by random forest classifier. In two experiments, the overall accuracy of the proposed method reached more than
85% , which can provide key decision support information for post-earthquake emergency response and reconstruction.
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Fig. 4 Extraction results of damaged buildings in dataset 2
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