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Retinal vessel segmentation method based on matched
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Abstract: A simple, rapid and efficient retinal vessels segmentation method is proposed. After a general analysis on gray value
distribution and contrast changes of fundus images, the standardizing fundus images are obtained by using the matched filtering technique
to overcome the interference of background and noise. Then, a threshold can be automatically selected to achieve the effective
segmentation of blood vessels in the fundus images by estimating the proportion of the background pixels. A lot of tests show that the good
performance is achieved in the public fundus images database. The experiment shows that the proposed method based on matched
filtering and automatic threshold has strong practicability and high accuracy. It is useful for computer-aided diagnosis of ocular diseases.
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Fig. 1  Color fundus image and the component of each channel
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Fig.5 Fundus image and blood vessel segmentation
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