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Abstract : Gesture recognition is an important means of human-computer interaction. In order to more accurately recognize gestures and
eliminate the interference of environmental conditions such as lighting, and reduce the key point jitter recognition error caused by the
high-dimensional space transformation of the hand at the meanwhile, a gesture key point method of extraction based on the Mask R-CNN
model and Savitzky-Golay filter is proposed. This method uses the Mask R-CNN model to process RGB three-channel images, and
performs object recognition and segmentation on each image, and obtains 21 bone points and background positions of the hand and
performs model training. Then uses neural network features to match the video stream and mark 22 key points. Furthermore, the point
data is smoothed by using Savitzky-Golay filter and then redraw the data to obtain stable gesture extraction and reconstruction results.
This method is used in bone point extraction experiments. Experimental results show that the method can eliminate environmental
interference to the greatest extent and accurately extract key points. Compared with traditional gesture key point extraction based on
contour segmentation, the accuracy reaches 93.48%. At the same time, the robustness of the model is greatly improved.
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Brief process of Mask R-CNN segmentation
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