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Application of RBF neural network algorithm in dynamic weighing

Chen Chaobo

(College of electronic and information engineering, Xi'an Technological University, Xi'an 71000, China)

Yang Nan

Abstract: In this paper, focus on the complexity of weighing data in the dynamic detection system of the highway, the
different weighing data processing methods to make a comparison, and proposed the use of RBF neural network to deal
with the dynamic weighing data. Firstly review introduced the whole vehicle dynamic system, after the radial basis
function network topology and the centers of the radial basis function selection are introduced. Finally the test-bed to
build a testing platform, through experiments with a two axle vehicle with different speed through the test stand., the

dynamic parameters acquisition. Finally, using the data collected, using MATLAB to simulate, verify the radial basis

function network to the dynamic weighing data processing show good speed and accuracy.
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R/ GEEE/ WEEE/ P/ MEEE/ WEEE/ W/ PEEE/ WSEE/
(km+h™) kg kg km/h kg kg (km+h™") kg kg
4. 86 1.198 1.2 4. 89 3.221 3.2 5. 10 4,211 4.2
9.85 1. 248 1.2 9.85 3.276 3.2 9.91 4.229 4.2
14. 54 1. 259 1.2 15. 20 3.301 3.2 15.23 4,234 4.2
20.19 1. 283 1.2 19.98 3.343 3.2 20. 17 4,284 4.2
25.30 1. 303 1.2 24.75 3.368 3.2 25.23 4,200 4.2
29.82 1. 345 1.2 29.73 3.405 3.2 29.91 4.15 4.2
15.13 2.224 2.2 5.12 3.712 3.7 5.01 4.729 4.7
10.13 2.237 2.2 10. 17 3.729 3.7 9.95 4.783 4.7
14.76 2.251 2.2 14.75 3.734 3.7 15. 40 4. 801 4.7
20. 14 2.275 2.2 20.17 3.784 3.7 20. 18 4,834 4.7
24.58 2.303 2.2 25.23 3. 800 3.7 24. 89 4,908 4.7
30.08 2.454 2.2 29.91 3.915 3.7 29. 89 4.995 4.7
5.12 2.714 2.7 5.01 3.923 3.9 5.02 5.235 5.2
9.97 2.738 2.7 9.95 3.983 3.9 9. 84 5.298 5.2
14.76 2.780 2.7 15.40 4.101 3.9 15.41 5.315 5.2
19.75 2.798 2.7 20.18 4,134 3.9 20. 20 5. 384 0.2
25.12 2.841 2.7 24. 89 4,208 3.9 24.99 5.432 0.2
29.97 3.412 2.7 29. 89 4.305 3.9 29.94 5.498 5.2
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#fi/kg  (km+h™")  H/kg (%%
1.2 4. 86 1.198 1. 202 04 0.17
2.2 5.13 2.224 2.199 13 0.39
2.7 9.97 2.738 2.679 41 0.76
3.2 9.85 3.276 3.238 51 1.20
3.7 14.75 3.784 3.649 25 1.37
3.9 15. 40 4.101 4.022 77 0.54
4.2 9.91 4.229 4.177 38 0.54
4.7 29. 89 4.995 4.697 61 0.05
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